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[1] Jorge Nocedal and Stephen J. Wright, "Numerical Optimization", Springer, (e«
sh=al) . 1999

[2] R. Fletcher, "Practical Methods of Optimization”, Wiley, 1989 (second edition).
[3] E. K. P. Chong and S. H. Zak"An introduction to optimization”, Wiley, 2001
(second edition)

[4] D. G. Luenberger, "Linear and Nonlinear Programming", 1984 (second edition).
[5] D. P. Bertsekas, “Nonlinear Programming”, 1999 (second edition).
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Optimization Overview: UnConstrained-Constrained, Discrete )
Contineous, Linear Programming
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Linear Algebra Overview
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Linear Algebra Overview: Useful Decompositions, Eq Solving Y
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Matrix Differentiation Calculus (Analytic and Matlab Based)
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Fundamentals of Unconstrained Optimisation
Steepest Descent-Newton : Lol 5 5 cuz s oS0, | gob] S 1S ¢
il Fen g b gz Sleds; | gobl (Se 5So |y
Line Search Methods and Convergence
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Applications: Adaptive Filters, ALS Optimization
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Conjugate Gradient Methods
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Quasi-Newton Methods: BFGS, L-BFGS
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Introduction to Constrained Convex Optimization: First-Order \\
and Second-Order Optimality Conditions
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Linear Programs
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Quadratic Programs
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Conversion to unconstrained problems-NonConvex problem Vo

conversion to convex
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